Data Science Pipeline
From raw data to insights
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Data is invaluable
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Business Intelligence Dashboards
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Advanced (Predictive

SUPERVISED LEARNING

Reliance on algorithm trained by human input, reduced expenditure on manual review
for relevance and coding
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http://us.hudson.com/legal/blog/postid/513/predictive-analytics-artificial-intelligence-science-fiction-e-discovery-truth

http://pypr.sourceforge.net/kmeans.html
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Al, Data Engineering and Data Science

e Setting up a well defined project:

— Project definition: what is the opportunity of interest/hypothesis
we are investigating;

— Data Engineering: Linking the data sources and preparing them
for analysis;

— Data Science: testing variables, building models, delivering
insights:

— Project deliverable: actioning the Al in our work, increasing
capabilities, adding value and commercializing Al products.
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Data Science upward trajectory
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Bridge between Data Science and stakeholders
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Some pointers on skills required

e A Beginner’s Guide to the Data Science Pipeline

https://towardsdatascience.com/a-beginners-guide-to-the-
data-science-pipeline-a4904b2d8ad3

e Data, structure, and the data science pipeline

https://developer.ibm.com/technologies/data-
science/articles/ba-intro-data-science-1/
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